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Generative text-to-image (T2I) systems are increasingly adopted in creative practice, yet their normative behaviors remain under-
explored from the perspective of creative practitioners. In this workshop paper, we present a within-subject study with 14 creative
practitioners using Stable Diffusion to create illustration from two tasks of differing specificity. We investigate whether and how
practitioners perceive normative behavior in a T2I system and how it impacts their creative process depending on task specificity.
Our findings show that participants perceived normative behavior through invariant patterns, stereotypical output, and unsolicited
omission or addition of details. These experiences led to feelings of disempowerment and creative compromise. We discuss implications
for XAIxArts, including prompt transparency and artist empowerment in creative contexts.
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1 A Brief Background and Motivation

T2I systems have been shown to misrepresent cultures and reinforce Western-centric norms [1, 9]. As an example, these
generative T2I systems inadequately represent South Asian culture by failing to generate culturally specific subjects,
amplifying hegemonic defaults, and perpetuating stereotypical tropes [23]. Ethnographic work in Bangladesh further
illustrates how such systems can limit creative ideation and yield distorted or inaccurate representations for local
artists [21]. This relates to normativity of generative AI (genAI) systems, which have been shown to tend to replicate
normative narratives, and rarely producing non-normative alternatives when not mentioned explicitly [10]. We believe
that XAIxArts could gain from an understanding of normativity. First, because the normative basis of the genAI tools
leads to outputs that may not be understandable or transparent to the people using it. Understanding normativity and
finding solutions through XAIxArts could help reduce its negative impacts and alleviate its influence. Second, studying
how people perceive and deal with normativity progresses XAIxArts interventions. There has already been research
on strategies for circumventing normative behaviors that have been shown to include repeated prompting, finding
workarounds, iteratively refining prompts to achieve their objectives, and testing multilingual prompts [22, 33]. Further
studying these strategies can provide insight on designing XAIxArts strategies.

Previous studies in the normative behavior of AI-based systems tend to illustrate the values and culture conveyed by
these systems, and how users try to circumvent this gaze, but less so the processes through which these normative
behaviors operate. This gap is particularly significant in creative and artistic contexts, where T2I systems are increasingly
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adopted for ideation and production [25]. Artists develop strategies to achieve the desired results, such as creating
prompt templates and adapting their language to match their expectations [7, 19]. Recent research also reported
shortcomings in the use of T2I in creative tasks, including the difficulty in expressing thoughts in words [20], and
“concept entanglement”, which refers to the system’s inability to represent specific concepts independently of other
concepts [28].

Building on this work, we examine the normative behavior of T2I systems (in particular a diffusion-based system)
from the perspective of creative practitioners who are new to these tools. Our research question is “How do creative
practitioners perceive the normativity of the T2I system depending on the task specificity, and how does the
normative behavior affect them?”.

2 Study Design

We recruited 14 visual creative practitioners (graphic designers, illustrators, UX designers with illustration background,
and others) for a within-subject study located in Western Europe. The study was reviewed and approved by the
institution’s Research Ethics Committee. Participants were recruited through the authors’ networks and calls advertized
on social media. Our inclusion criteria were visual creative practitioners with no or minimal prior T2I experience, to
avoid pre-formed strategies for circumventing T2I systems’ limitations and normative constraints.

The study was conducted in person or online using a video conferencing tool. In the beginning, the participants
received an information letter and completed a consent form. Then participants received two tasks, each requiring
them to create an illustration from a given source medium using the Stable Diffusion WebUI [2]. We chose to use
Stable Diffusion, as local deployment gave us control over generation speed and removed prompt-usage restrictions.
In the first task, the stimulus was a 30-second audio clip, evoking an outdoor hiking environment, featuring sounds
of footsteps, birds, and wind. In the second task, participants received a short news article describing a man in his
40s and his grandmother in her 90s visiting all U.S. national parks together, which is disclosed in the Appendix A. We
chose this story because it depicts a grandmother-grandson relationship with both of older age, a pairing that is rarely
represented in illustrations and, therefore, difficult to generate with genAI. Tasks were presented in a fixed order rather
than counterbalanced to prevent the narrative details of the story from influencing participants’ interpretation of the
soundscape. This fixed order preserved exploratory freedom in the first task, though it may have introduced risks of
order, practice, and fatigue effects. Finally, each session concluded with a semi-structured interview, which addressed
how the participants perceived the normativity of the system, specifically by asking how they evaluated expressive
freedom, assistance provided by the system, and perceived neutrality of the tool.

We analyzed the interview data as follows: The recordings were transcribed and translated locally on a secure
computer with Whisper from OpenAI [24], as the interviews were conducted in English, German, and French. The
interviews were edited for the paper in intelligent verbatim for readability and the translations were reread to ensure
validity. Data were analyzed using inductive thematic analysis, as described in Braun and Clarke [3–5]. Both researchers
familiarized themselves with the data, and independently created codes. They consolidated them together in a shared
codebook, derived themes and sub-themes, and refined or eliminated them until a consensus was reached.

3 Highlights from our Analysis

Our findings indicate that participants identified normative behavior in the system through three main patterns:
stereotypical imagery, invariant responses to prompts, and the omission or unsolicited addition of details.
Manuscript submitted to ACM
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First, participants identified the system’s normative behavior as coming from stereotyped, biased imagery. One
participant for example observed that the system “conveys the western culture norms, middle class” and has “a commercial,

low key visual culture.”. This aligns with prior work documenting biases in generative models, including gender-
profession associations [16] and Western-centric depictions of non-Western cultures [23]. Some example images are
shown in Figure 1.

Participants also noticed repeated compositional patterns as another manifestation of the system’s normative behavior.
Several participants observed shared commonalities in layout, perspective, and framing, although they often struggled
to articulate them precisely. One participant probed these invariants deliberately, repeating the same prompt words
and inspecting what remained consistent across outputs. Another way in which participants perceived normativity
in the system’s behavior was through details specified in the prompts, but ignored by the model. Participants noted
this in the interviews, describing normativity through omitted details, particularly in the more specific task (Story
Task). For example, the male character was frequently left out or depicted as the same age as the older woman, as well
as ignored style cues such as layout, line trace, and color. They theorized that the system performed better with less
specified prompts, as too many details in prompts were often ignored. However, participants observed that when fewer
details were included, the system generated imagery that conformed more closely to normative representations, such as
that the older woman was generated with white hair, glasses, and a cane. One participant turned this into a deliberate
strategy, abandoning the grandmother-grandson concept entirely to probe what non-normative content the system
could produce.

Beyond perceiving the norms, it impacted the behavior of the participants. It contributed to a sense of disempower-
ment, as captured by one participant: “So you could say that I assisted the tool, but I don’t know if the tool needed it.”.
A common response was to abandon efforts to influence aspects perceived as uncontrollable, raising the possibility
that users may forgo non-normative creative goals when faced with the system’s constraints. Participants resorted to
various compromises on their initial concept and tried to find a satisfactory outcome within the norms. They adjusted
their concepts to match perceived system capabilities, adopted conventional prompt language (e.g. prompting a family
portrait), or abandoned their initial concept altogether in favor of iterating on whatever the system first produced.

Fig. 1. Examples of Generated Images

4 Discussion

This work aims to contribute to the development of XAIxArts in three ways. First, we highlight XAI as an opportunity
to go beyond default behavior. Second, we present prompt transparency as a promising research direction in this field.
Third, we discuss the feeling of disempowerment stemming from the normative behavior of T2I and the extent to which
XAI could prevent it.

Participants perceived normative behavior, which contributed to a simplification of visual representation that favored
default depictions. This is significant as users tend to adhere to default options, representing limited perspectives and
restricted visibility of alternative viewpoints [10], while artists use default abstractions and ‘make do’ with them, unable
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to explore other possibilities [13]. Advancing research on default behaviors is therefore essential, including exploring
strategies for moving beyond them, through e.g., leveraging rather than averaging out stochasticity to circumvent
inherent biases [22], and by enabling deeper interaction with training data through techniques such as LoRA [11], or
DreamBooth [27]. XAI can offer strategies to overcome default behaviors, such as interaction focused approaches [14]
or black-box explanation tools [17, 26]. By allowing visibility and designing for glass-box abstractions [31], users can
gather more insight into the nature of diffusion and its capabilities as their experience grows [30].

The system’s deviations from participants’ prompts, such as selectively removing or adding details without ex-
planations, made participants reflect on the decisions made by the system and highlights the importance of prompt
transparency. Such transparency aims to enable relevant stakeholders to develop an accurate understanding of the
system’s capabilities, limitations, and mechanisms for controlling its outputs [15]. While transparency has primarily
been investigated in high-stakes application domains, we argue that it deserves greater attention in the creative domain,
given the role creative practice plays in shaping our cultural fabric. In a recent study, artists also discussed the benefit
of transparency in fostering creative practice while informing about the appropriate uses of T2I [29]. Relevant to
prompt transparency, existing techniques such as LIME [26], SHAP [17], and neural integrated gradients [32] have been
employed to enhance transparency in language models by highlighting significant tokens in the input that contribute to
a given output. Extending these techniques to T2I models could help highlight omitted elements in prompts. However,
a complementary approach is needed to explicitly identify and make transparent the details added by the system. One
potential solution is the use of generated captions to highlight discrepancies between the input prompts and the outputs.
Researching prompt transparency could thus enable more effective application and appropriation of T2I models as
creative tools and cultural instruments.

Participants in our study frequently expressed frustration and a sense of powerlessness when using the system.
Mahdavi Goloujeh et al. [19] similarly found that users with focused objectives andwell-defined visions often experienced
frustration when the system failed to generate important elements of their visions, linking this to a loss of user autonomy.
This is an interesting contrast, as genAI systems are typically marketed, for example, Stability AI describes Stable
Diffusion as “empowering billions of people to create stunning art within seconds.” 1. Disempowerment through
genAI remains underexplored. Previous research has documented how T2I output can disempower communities by
perpetuating negative stereotypes and narratives of marginalized groups [18, 23], and more generally, the feeling
of disempowerment and loss of autonomy can produce a chilling effect [12], and dissuade creatives from engaging
with the development of creative-centered AI tools. The “democratization of art”1 is negated through the harms these
technologies bring to the creative community. Recent advances that offer users greater control, such as the fine-tuning
methods discussed above, represent a promising direction. However, these approaches also introduce new challenges,
including the extensive tinkering necessary to identify effective adjustments [8]. This feeling of disempowerment goes
against an important objective of system design, that a tool should empower the user to allow them to achieve their
goals. Li et al. [13] argue that it is important to investigate how a tool influences the creative situation beyond the
usability and functionality. Therefore, an important research challenge is to investigate more closely the construct of
disempowerment in genAI-based creative tool practice. This can be done by furthering research on the disempowerment,
which directly relates to XAIxArts, as a central theme is the empowerment of creatives. Working directly with artists
helps to design interventions that can specifically address them and their empowerment, such as developing their AI
literacy, designing accessible and inclusive XAI tools, and engaging them for input and feedback [6].

1https://stability.ai/news/stable-diffusion-announcement
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A Story Task Article

93-year-old grandmother and grandson complete goal of visiting all 63 U.S. national parks
By Caitlin O’Kane (CBS News)
By the time she was 85 years old, Joy Ryan of Duncan Falls, Ohio, had never seen the ocean or mountains. Now,

she’s 93 years old and has seen every corner of the U.S. – after visiting all 63 U.S. National Parks. Joy went on the epic
journey with her grandson, Brad Ryan, now age 42, who was first inspired to travel with is grandmother in 2015.

"When I learned she had never seen the great wildernesses of America – deserts, mountains, oceans, you name it – I
thought that was something that would haunt me if I didn’t intervene in some way," Brad told CBS News in October
2022.

So, Brad decided to take her to the Great Smoky Mountains National Park, and that trip sparked an idea. "The more
I kept reading about the parks and I saw how close they were to one another, that we could make this giant loop, it
became an obsession,"

Brad said. "And all I could think about was, ’I’ve got to see Grandma Joy at Old Faithful, I’ve got to see her at the
Redwoods, I’ve got to see her at the Grand Canyon. I just have to do this, I just have to have those memories for
my own long-term happiness. I think we’re two peas in a pod when it comes to just our desire for travel, adventure,
connection.’” The pair started planning road trips, hitting multiple parks each time they embarked on the road. While
the pair have found themselves on many adventures during their travels – whale watching in the Channel Islands and
seeing larger-than-life trees in the Redwood Forest – some of their best moments happen in the car.

"We hit the road together and we start talking about our lives," Brad said. "And she told me things in her 80s and 90s
about her life, some of the difficult things that she’s been through, that she’s never spoken to anybody in here life. And
I was able to open up to her about some of the trials and tribulations of my own life. That’s what, I think, is so powerful
about the open road, is that you only can drive so far before those memories start to creep forward."
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